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ABSTRACT

We propose that the Internet can enable trust based marketing through accurate
and complete information and advice. We concentrate on shopping advice and develop a
virtual personal advisor as an important component of trust building. Bayesian utility and
segmentation models are used to make recommendations and a dialogue-based computer
graphical user interface (GUI) is designed to instill confidence in the advisor's
recommendations. A prototype system, called Truck Town, is developed for pickup
truck purchasing and the proposed site is evaluated in an empirical concept and use test.
The key research guestions examined are: Can a site be developed on the Internet that
develops trust via a virtual advisor? Can information intensive and virtual advisor sites do
as well as face-to-face selling in terms of establishing trust? Which segments of
consumers prefer a virtual advisor-based Internet site to objective, information intensive
sites with no advisors? The results indicate that the proposed site can build trust; most
customers would consider buying a vehicle through Truck Town and would be willing to
pay for the service. A combination of the advisor site and an information intensive site
together dominated the existing auto dealer system in terms of customer acceptance. The
preference for the two Internet sites was equal, but analysis indicates segmentation in the
site preferences. Consumers who are not very knowledgeable about trucks, who visited
more deders, and who are younger and more frequent Internet users have the highest
preference for the virtual personal advisor. This paper closes with a discussion of future
research and strategic marketing issues raised by avirtual trust based advisor system.



INTRODUCTION

The Internet has great ability to increase the quality and quantity of information
available to customers, remove time and distance constraints from shopping, and reduce
information dissemination costs. The Internet has had unprecedented growth and now
over 70 million individuals are using the Internet (CommerceNet/Nielsen, 1998) in the
USA aone. Forrester Research reports 1998 sales on the Internet as $43 billion -- up
from $19.6 billion in 1997 (Economist 1999, p. 6). A Georgia Institute of Technology
1998 survey indicates the demographic profile of users of the Internet as approaching the
general demographics (Gatech.edu/gvu/user_survey/) and that users were spending $300
per person on average over the last six months of 1998. Furthermore some sites are
profitable (Activmedia reports in a 1997 survey that 30% of sites are profitable).
Although significant sales and profits are occurring over the web, most experts believe
the electronic commerce is in its infancy (Activmedia predicting $1.2 trillion in sales by
2002 and Forrester predicting $1.3 trillion by 2003). Some firms have been very
successful on the Internet. Cisco is the biggest business to business site; they sold over
$3 billion ayear in 1998 on the web and estimate $10 billion in salesin 1999 (Economist,
1999, p.12). Dell Computer is selling at arate of over $5 billion worth of their computers
on the Web in 1999 (Economist 1999, p. 11), based on good technical information about
their computers, easy ordering, low prices, and fast delivery.

These predictions and success stories indicate the potential for the Internet, but
most of the more than 400,000 businesses with sites on the Internet are merely
supplementing their existing catalogue and retail strategies by implementing them on the

Internet. Some positive results have been achieved, but as is generally true in the early



phases of diffusion of new technologies, many of the potential functions and benefits are

not yet evident.

While most companies are digging through the problems of generating content,
implementing software systems, and designing computer interfaces, some leading edge
sites have identified new dimensions that can create additional value for customers
beyond substituting for existing retailing practices. Recent advances in enhancing the
benefits of a Website beyond its current use as an information source include the addition
of: 1. expert advice by connecting the customer to a live expert through email
(Virtualvin.com and drugstore.com), 2. increased variety (amazon.com - over a million
titles of books), 3. convenient ordering and home delivery of groceries (peapod.com) 4.
an agent who will browse the Web for the lowest cost for an item (Jango and
Compare.net), and 5. auctions of items like airline tickets and antiques (eBay.com hosts

over 2 million items at auction on a given day).

Advances aso have been made through personalization of the information that is
being presented. Many sites supply extensive information about products and alow users
to develop individual comparison matrices across relevant subsets of products. Attribute
specification and the search of a product space to find candidate products is evident on
many sites (e.g., CUC.netmarket, Killerapp).  Personal Logic is one of the most
advanced in terms of screening products (bikes, cars, etc.) to help customers eliminate
products that do not fit their attribute requirements. Fire Fly Inc. and Net Perceptions
pioneered collaborative filtering (Shardanand, Maes, 1995, Resnick, lacovou, Suchak,

Bergstrom, Riedl, 1994) as a way to understand what products a customer might prefer.



In collaborative filtering, customer preferences for an item (e.g., CDs or books) are used
to cluster customers and identify a preference profile of people in that cluster.
Subsequently, items preferred by the members of the cluster are presumed to be of
interest to the online customer displaying a similar preference profiler (see
BarnesandNoble.com and Amazon.com). These value-added features provide a platform
for creation of the next generation of Internet sites that further promote the diffusion of
“shopping on the Web” innovation. Haeubl and Trifts (1998) have found that such
information and comparison capability dramatically reduce search costs for consumers,
increase the quality of consideration sets, and improve the quality of decisions.

Academically, Alba, et.a. have described the potential for interactive shopping
and the behavioral information processing it can provide (Alba et. a., 1997). Lynch and
Ariely (1998) have reported that making prices easier to search does increase price
sengitivity, but contrary to the expectations of some retailers, lowering the cost of search
for quality reduces the price sensitivity and increases customer satisfaction. Shankar,
Rangaswamy, and Pusater, (1998) found that price senditivity increases with price
oriented Web site messages, but decreases with increased range of product options at the
Web site.

In this paper we build upon this behavioral research to propose that value can be
added by designing a virtual shopping advisor, one that can be trusted, and makes
recommendations incorporating consumer preferences. We design a trust based web site
that incorporates a personal shopping advisor. We present the design criteria to be used,
describe the overall structure of the advisor system, and discuss the Graphical User

Interface (GUI) requirements of such aweb site. In addition, we present a prototype trust



based persona advisor site for pickup truck purchasing, called “ Trucktown” and evaluate
it in an empirical consumer concept/usage test. We compare the Trucktown site to an
information intensive site (Microsoft Carpoint), and examine segments of Internet users
who prefer the advisor based Trucktown site, versus the information intensive site. We
close considering some marketing strategy implications, limitations, and directions for

future research on trust based internet marketing.

DESIGN OF A PERSONAL SHOPPING ADVISOR

DESIGN ISSUES

Our objective in this research is to develop a prototype web site that uses a virtual advisor
to establish trust between buyers and sellers. The basic premise of this research is that
trust can be created on the Internet by designing a virtual persona shopping advisor for
consumers on the Internet. In this section, we examine the role of trust relationships in
marketing, discuss specific design criteria, and identify trust dimensions and cues.

Trust Relationshipsin Marketing

In studying the role of trust in marketing relationships, it has been suggested that
buyer trust is the willingness to rely on an exchange partner in whom the buyer has
confidence (Moorman, Zatman, and Deshpande 1992, Morgan and Hunt 1994). Thus, it
is possible that buyers have different levels of trust, based upon their confidence in the
relationship. Given the cognitive and affective foundations of trust, it is not surprising
that Schurr and Ozanne (1985) found that trust was a critical determinant for establishing

cooperative behavior in buyer-seller bargaining.



Spekman (1988), and more recently Morgan and Hunt (1994), have suggested that
trust is essential for establishing long term buyer-seller relationship. When a buyer enters
into negotiations with a vendor, a degree of trust, based on knowledge and comfort must
exist on the part of both exchange partners, trust that there will be no surprises once an
agreement is reached. Moorman, Deshpande, and Zaltman 1993 suggested that technical
competence is an important dimension of trust. As such, observation and assessment of
technical competence represents explicit knowledge. Doney and Cannon (1997) and
Butler and Cantrell (1984) identify competence as a key determinant of trust. Thus for
trust to exist, some subjective or objective assessment of technical competence must take
place. In the case of Internet web sites, users must believe the information is both
accurate and useful in their decision making process.

Trust operates in different ways depending on a consumer’s state of knowledge.
When consumers know a lot about a purchase decison, consumers will trust the
salesperson/source, if it respects the consumer’s intelligence by speaking the truth and
adjusting the conversation to the consumers level of knowledge of the consumer. Van
Slyke and Collins (1996), in a research focusing on the issue of trust between a user and a
software agent, specifically addresses the dynamics of trust building and suggests that one
key component is the user’s knowledge (domain knowledge and technical knowledge).
Conversaly, if consumers are limited in their product knowledge, they are more likely to
develop trust when the salesperson recognizes their concerns, attempts to listen to ther
needs, and takes on the role of a consultant. This suggests that more knowledgeable
consumers will have a lower preference for using a web-based advisor than less

knowledgeable consumers.



In this research, our objective is to establish belief and confidence in a virtua
advisor’'s information and advice. Anderson and Narus (1984) contend that the outcome of
trust between a buyer and seller is the positive actions taken by the buyer. Trust, therefore,
influences the actions taken by buyers towards sellers as well as their overall attitude. Our
premise is that consumers are willing to use a web-based advisor if they believe in the
information it provides and have confidence that the information is objective and accurate.
For example, we would like enough reliance on a virtual expert’s advice to limit search to
the recommended aternatives. If thisis done, the search cost to reach a good decision is
reduced for the customer. In some cases, expert interaction may build enough trust over
time so that the consumer delegates the decision making increasingly to the agent (e.g., for
a persona shopper at a department store “you know me so send over a gift for my wife --
it's her birthday”). While an Internet system may build trust, the process of delegating
authority to buy is an evolutionary process that is unlikely to occur in the early stages of

consumer adoption of web shopping.

Design Criteria

We propose four criteria for our site. The first criterion is trust: using the system
should engender a feeling of trust. For a personal shopping advisor, this means that
consumers should feel as if they are talking to a rea personal shopping consultant they
believe and have confidence in. Second, the system must generate meaningful utility
measures so that the advisor acting as an expert can recommend products that meet the
customer’s detailed preferences and cost tradeoffs. The third criterion is that the system
must strive to supply full information about al products in the class. Finally, the system

should have a graphical user interface (GUI) that promotes trust through user control and



easy navigation around the site. Thus, the system must be easy, natural, and engaging for

the customer to use through a dialogue with a virtual expert advisor.

Trust Dimensionsand Cues

In order to build atrust based prototype of a web advisor, we must first identify the
dimensions of trust that would serve as cues in the web site. Some academic research has
been done on the concept of trust on the Internet. One study examined privacy and trust in
Internet marketing. Hoffman, et. a (1997, 1998) found that customers expect the Internet
exchange to be based on a socia contract built on arelationship of trust and cooperation. |If
customers do not trust that their personal data will be kept private and that payment is
secured and executed only with appropriate authorization, they will not use the Internet.
This may mean that sites need explicit permission from the customer (“opt in” systems)
before placing a cookie (computer location and 1.D.) on their computer and taking personal
data. Another study examined the role of customer evaluations in establishing trust.
Kollock (1999) suggests that user feedback presented on a site can reduce the customers
perception of risk and lead to trust. For example, eBay.com posts customer evaluations of
each person or store who offers an item at auction in terms of the number of positive and

negative evaluations and allows bidders to contact past customers by email).

To identify the dimensions of trust beyond those found in the Internet literature, we
conducted over 50 qualitative interviews with customers across many products (e.g., auto
buying, books, appliances) and services (e.g., insurance, banking, hedth care). We asked

the respondent to identify someone they trusted and what led them to trust that person. We



asked a similar question about their trust of information on the Internet. The most frequent
answer was past experience, which demonstrated that the person did what they said they
would do and were honest. Current web sites were content analyzed and benchmarked to

identify the trust based cues that were evident in practice and used by industry.

The qualitative interviews and literature review suggest that trust is built up over a
cascading process established through three stages; 1) Trust in the Internet and specific web
gte, 2) Trust in expert advice and information, and 3) Trust in delivery fulfillment and
service. Inother words, trust cannot be established in an expert advisor, until trust has been
established for the Internet and site. Figure 1, provides a summary of the cues that were
identified for each step in the process. While all three areas of trust shown in Figure 1 are
important, we concentrate on the area of expert advice and information in this paper and in
our prototype emphasize the asterisk highlighted items. It is our hypothesis that the quality
and quantity of information and expert advice can build trust and lead to increased

purchasing on the Internet.

OVERALL STRUCTURE OF THE ADVISOR

The overall structure of our prototype is shown in Figure 2. There are four main
components of the Trust Based Advisor: 1. Information, 2. Recommendation 3.

Shopping, and 4. Fulfillment.
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I nfor mation

Three input sources are used in the Information Component: online dialogue, product
database, and marketing database. The online dialogue establishes trust while collecting
need and use measures from consumers (see GUI discussion below). The product
database contains detailed specifications (values of all attributes) of all products in the
market. The marketing database is a historical repository of market research studies, so
the system can benefit from detailed past studies, but not suffer the burden of collecting
the inputs online. The three input sources of the information component drive the

recommendation model.

Recommendation M odel

There are two components in the recommendation model: an expert advisor and a micro-
segmentation procedure. In each, a recommendation engine component generates
products for evaluation by the customer, contained in a personalized virtual store.

Expert Advisor Model

The recommendation model is designed to identify the consideration set and
ensure that it contains the product that maximizes the customer’s utility. It begins by
eliminating products by attributes that customers would definitely not consider part of a
consideration set. Thisis easier than predicting the one product consumers will buy. For
example, a customer might not consider purchasing a particular brand of auto because of
poor service experience in the past. Products might also be eliminated based on the lack

of arequired feature. For example, requiring four doors in a car would eliminate all two-
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door cars. A maximum price limit would eliminate all products over the stated price
constraint.

A dtrict elimination model assumes that customers fully understand the
implications of constraints. Many commercially available attribute search programs on
the Internet often lead to no feasible alternatives because they treat customer constraints
asrigid. In our system the expert could alert the customer when an opportunity cost of a
constraint is large and eliminates alternatives that might be attractive overal. For
example, if the price constraint were raised by $500, the expert might find a car that fits
the other specifications perfectly. By calculating the opportunity cost in terms of utility
(see below) the expert has the basis to “discuss’ with the customer the option of changing
the constraints. If the customer wants only a small truck but also wants to carry five
people, the advisor would discuss the tradeoffs before eliminating all large trucks. In our
system, elimination is probabilistic (see below). The statement of necessary requirements
changes probabilities of purchase, but rarely makes them zero.

The evaluation task is to find the alternative with the greatest utility. Measuring afull
set of product attributes (e.g., 10-20 attributes and 3 or more levels for auto features) is not
possible while maintaining a dialogue format, but it is possible to collect constant sum
preferences on aggregate perceptua dimensions (e.g., 3-5 dimensions). These preference

weights can be aggregated into utilities by a Logit function:

(EQ. 1)
é agDya
_ e&Xp*
P(A) = B emn
a exp*
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P(A,) = probability of purchase of product alternative a
ag = constant sum importance of dimension d given by customer

D,. = standardized database value of dimension d for alternative a

D, ,values are from secondary sources (product database in Figure 1). For example,

horsepower per pound may be a designated surrogate for performance in autos and
standardized across all autos in the database (i.e., mean zero and standard deviation of
one). While it would be desirable to use consumer-generated ratings, the burden of
collecting detailed ratings from each consumer for all autos is considered too large and
would interrupt the trust based dialogue with the expert with a repetitious market research
task.

While Equation 1 captures utility through aggregate tradeoffs, sometimes we may
want to include specific attribute effects. It would be most desirable to have the complete
function that integrates the attributes into perceptual dimensions (e.g., Urban and Hauser,
1993), but we cannot do this without violating our criterion of maintaining a dialogue.
However for specific attributes we can use sequential Bayesian procedures to update the
prior probabilities of purchase from Equation 1.

(EQ. 2)

P(A)P(R A)
P(R,)

PEA) =P(A[R ) =

P§A,) = updated probability of buying aternative a
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P(Aa|F§1q) = probability of buying alternative a given a customer response r to online
guestion g
P(R,1q|Aa) = Conditiona probability of answering question g with response r given true

preference for alternative a

P(R ,) = Marginal probability of responser on question g, where
(EQ. 2A)

P(R)=a P(A)P(R A

For example, if four-wheel drive was important (say 4 on a 5-point importance
scale) for a sports/utility vehicle, but not necessary, we could calculate the posterior
probability of buying each vehicle with Equation 2. Managerial judgment or custom
market research studies that link responses (r) to this question to actual purchase could
obtain this conditional probability. We could also observe what fraction of people who
have a first choice for or buy each product after providing a specific response in the
dialogue (e.g., we might find 80% of those who choose a Chevrolet S10/4WD Blazer
checked 4 on the 1 - 7 importance scale for performance). This procedure alows
sequential updating for specific product attributes while maintaining a low input demand
on customers.

Given the updated probabilities, we can select the top two or three alternatives
based on their utilities as calculated in equation 2, for inclusion in the customer’s

personal virtual store.
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Micro-Segmentation Model

The expert system-based recommendation is supplemented by a micro-
segmentation model. Often in past market research, customers have been clustered into
segments based on attitude, demographics, and preferences and subjected to discriminant
anaysis to determine segment membership assignment rules. These assignment rules
usually need little input to operationalize and these can be obtained online (e.g., in autos,
membership in a sporty family segment may be defined by: 1. own their home, 2. agree
that cornering performance is very important, and 3. income over $50,000). Given
specific customer segment assignment rules, we can examine the products that members
of that segment have purchased (e.g. in the sporty family segment, 33% purchased a
Corvette, 25% a Firebird, 20% Toyota Supra, etc). We can add the products with the
highest share of choices for that segment (that have not been aready identified by the
expert system) to the set for evaluation in the virtual store. The recommendations from
the segment analysis may be different from the expert’'s recommendations because the
segment recommendations are based on purchase after the customer has gone through the
full shopping experience.  The virtual showroom would contain alternatives
recommended by the two different approaches and we hope this set will contain the

customer’s most preferred aternative.

When the historical marketing database contains detailed conjoint or choice-
based studies, the micro segment analysis can be extended to the feature level. In this
case, product utilities can be calculated for each segment based on the historical attribute

importances and current attribute values for each product contained in the product data
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base (e.g., in cars attributes might include: disk brakes, leather upholstery, 5-speed
automatic transmission). The increased precision of estimating product utilities within
segments based on the detailed attribute tradeoffs may add new alternatives to the
customers' set of products to be evaluated.

The fina step in the segmentation model is to divide the customers assigned to
overall segments into micro-segments of two to three hundred people. The purpose
would be to establish a community of people who can interact on the Internet to exchange
information and give advice to each other on product purchasing. An exclusive chat
board (“newsroom”) would be established so that posted questions could be processed
and simultaneous conversation through the group’s buddy list could take place. This
community would not be opened to the public and, since all those assigned to the micro-
segment would have similar attitudes, demographics, and preferences, we could expect
considerable sharing of ideas. If the product were autos, we might think of this as an auto
club that might exchange views not only on auto purchasing but also travel and
insurance. These communities may take on activities much wider than just purchasing a

product (Turkle, 1995).

Virtual Shopping

The recommendations from the expert system and segmentation anaysis
comprise the personalized store for the customer. Full information is provided in a
virtual shopping format (Burke, 1996; Urban, et. al., 1996 and 1997). Easy access to all
information from ads, brochures, technical specifications, magazine articles, consumer

service evaluations, sales personnel, and word-of-mouth from other customers makes the
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evaluation of alternatives very efficient. The recommendation model proposes a highly
screened consideration set and an easy-to-use interface allows information to be browsed
or analyzed quickly. The word-of-mouth information includes posted evaluations for the
product from the overall users of the system as well as inputs from participation in
discussions in the customer’s micro segment.

For each aternative an option is available to ask the virtual expert why a product
was recommended. The expert can also initiate discussion with suggestions of other cars
based on relaxing constraints or small changes in preferences. Likewise, the customer
can initiate revisions of their inputs to generate a new set of recommended cars to be
displayed in the virtual store. Exploring this information-rich environment of the Trust
Based Advisor may lead the customer to change their specifications based on a change of

requirements or a dialogue with the expert on why al requirements cannot be met.

Fulfillment

Exit from the virtual store may be made by an ordering or buying procedure that
leads to direct shipment of the product or in the case of products like cars, visit a dealer
or central test drive and fulfillment center. Alternatively the customer may save his’her
response for future consideration on his’her computer or through a computer on-site at an
actual retail store. A fulfillment module that can establish delivery and service for the

product is the fina component of the Trust Based Advisor.
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Trust based Graphical User Interface (GUI)

The online interface allows consumer input that identifies the uses the product
will serve, elimination criteria, constraints, specifications, and the importance of overall
perceptual dimensions. But this interaction must take place in a trusting atmosphere.
This trust is based on creating a dialogue similar to talking to an actual sales advisor who
isyour advocate and is an expert in the product category.

Our discussion above (Figure 1) outlines some of the advisor trust-building cues
that can be used, but these need to be established in a calm and confidence building set of
computer screens. Specific screen design must be carefully done. For example, choice of
color and format is important (Johnson, Lohse, and Mandel, 1998). A blue background
with clouds may be a caming environment for risky decisions. Another example is in
adding relevance to the advisors through format. A mechanic providing advice on auto
reliability may be shown with repair shop as background to enhance their realism and
confidence. Some trust cues are easy to implement. For example, honesty through
accurate information can be designed into the data and dialogue. However other cues may
be difficult. Facial expression and eye contact to establish friendliness is a challenge, but
can be approximated by pictures and moving images along with audio voice. In no case
should ad banners or flashing promotions be evident. The interface should try to

establish awarm, friendly, open and consultative atmosphere.

IMPLEMENTATION OF A PROTOTYPE TRUST BASED ADVISOR SITE

Pickup Truck Purchasing

In this implementation we examine the information, recommendation and

shopping aspects of the proposed advisor system for pickup truck purchasing. We
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selected pickup trucks because it represents an important purchasing decision requiring a
high level of information processing and involving perceived risk. 1n 1998, pickup trucks
comprised over 15% of the consumer vehicle market and therefore are a significant
segment of the vehicle market. Auto executives who we interviewed, consider pickup
trucks to be the most separable segment of the market. The scale of the prototype also is
feasible (e.g., 89 mgjor product alternatives), but still captures the key issues underlying
implementation of a persona shopping advisor and that can build trust. In this section we
describe how we implemented sel ected aspects of each of the advisor system components

(see Figure 2).

I nfor mation

The product data base used in the pickup truck prototype consisted of engineering

specifications for 89 alternative model trucks (e.g. size, horsepower, miles per gallon,
towing capacity, 4/2 wheel drive, passenger carrying capacity of Chevrolet S-10 Blazer).
The specifications were derived from industry sources and engineering data provided by
aleading auto manufacturer.

The most significant element of the Marketing Data Base for this study was a

market segmentation study provided for use by the auto manufacturer. A large sample of
individuals (over 2,000) had filled out a questionnaire giving information on their
attitudes, demographics and needs. The statistical analysis for this study identified over 6
major segments of pickup truck buyers and developed classification rules to assign
customers to each segment based on a small set of question responses (e.g., preference

between small and large trucks).
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The information obtained from the site online dialogue is shown in Figures 3 to 8.

In each of the screens we try to tap the relevant key trust cues. While all of the cues
listed in Figure 1 are important, as mentioned earlier, in this study we place specid
emphasis on the asterisked ones. We will relate the inputs obtained from the screens to
the analytic model and shopping in the sections below.

In our site the expert advisor is part of a larger site architecture called “Truck
Town” (see Figure 3), in which the potential buyer can be guided completely by the
advisor or navigate the site independently. This can involve visiting dealers (specific
model information available for the dealer’s brand), news stand (for magazine and book
information), diner (informal conversation), or visiting an expert advisor. An avatar in
the form of afriendly and smart owl helps guide the customer to site features and answers
guestions about information sources, but refers the customer to the town hall and the
personal advisor for specific product information and recommendations. The Truck
Town architecture allows the user to have considerable control over information
acquisition (an important trust cue). We begin by legitimizing the site (for the purposes
of this prototype we assume trust in the Internet has been established). Figure 3 shows
the welcome screen that explains the objectives and establishes a link to the customer by
understanding the customer’s problem. The second screen takes place at the town hall
where the mayor of Truck Town explains our source of knowledge and answers queries

on the satisfaction guarantee, return policy, and system audits.

Recommendation M odél

Expert Advisor

20



Next, the customer selects and meets a persona expert advisor. The choices are:
1. mechanic, 2. retired editor of an auto magazine, or 3. contractor who has purchased
many trucks. The selected expert gives a persona introduction and answers queries on
how they are paid, their strengths and weaknesses, and past customer comments. Figures
4 and 5 give some of the questions and answers Craig, the mechanic, asks in a dialogue to
determine constraints and preferences.  In each screen, customers can use the hypertext
to ask more detailled questions about the elements of the decision. Other screens (not
included here) discuss the number of people to be carried in the truck, engine and bed
size preferences, commercial uses, and brands the customer would not consider.

Four inputs are necessary to calculate the utilities of trucks necessary for a

recommendation (see eq. 1 and 2). The importances (a , ) are derived from constant sum

input on perceptual dimensions of merit. In our prototype we used five dimensions:
price, performance, fuel economy, reliability, and safety. Figure 6 shows the screen
alocating 100 chips between each perceptual dimensions of pickup trucks. The

importance (a ) is estimated by the relative proportion of chips assigned to each
dimension. The second input is the value on the dimension D, for each truck and they

were derived from the product database. The price was the manufacturers suggested
price in the database. Fuel economy was the miles per galon in the database. The
perceptual dimension values for performance, reliability and safety were represented by
surrogate engineering values (horse power per pound for performance, Consumer Reports
rating for reliability, and government accident incidences for safety). The model input
was the dimension value standardized relative to all other trucks. The prior values of

purchasing a truck (P(A,) in Eg.1) were estimated by the overall market share of the
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trucks in the last 12 months. The fina input is the probability of a customer giving a

specific response to a question given a true preference for a vehicle P(R,q|Aa) that is

used in equation 2 to update the prior probability (P€A,) in equation 2). Thiswas set by

judgement of the market researchers in a large auto firm based on their past research
studies and the judgement of our research team. The expert advisor recommendations
were determined by selecting the two pick up truck models with the highest probability of

buying as calculated by equation 2.

Micro Segmentation Model

Two additional pickup truck recommendations were selected by the micro
segmentation model. We used the existing manufacturer's segmentation study results
stored in the Marketing Data Base to classify individuals in a segment based on their
responses to three questions that were found by the manufacturer to discriminate between
segments (e.g. their relative preference between futuristic and traditional styling based on
a 1l to 7 dider scale, importance of a smooth ride on a 1 to 7 scale, and number of
members in the household). Once classified in a segment, we knew from the data base the
purchase share for each truck in that segment. We selected the two most popular trucks
purchased in that segment (but not previously recommended by the expert advisor) for
inclusion in the showroom.

Virtual Showroom

In our prototype four trucks are recommended (See Figure 7). The customer can
obtain more detailed information by clicking on a specific truck. For example, Figure 7B

shows the Dodge Dakota and the options to obtain the available information as well as
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the reasons why this truck was recommended. The customer can review magazine and
newspaper articles, technical specifications, generate comparision matricies with similar
vehicles, review comments by other consumers, or configure the detailed options for this
truck. The customer can aso select the button labeled “meet other people like me’
(upper right corner in Figure 7B). If “meet others’ is selected, the potential customer is
led to the “diner/coffee shop” to meet others in their micro-segment and observe their
conversation (See Figure 8). In this implementation, these are pre-programmed
conversations to simulate conversations through a buddy list with other friends in their
segment. We did not use actual conversations between respondents.

The Truck Town site has other information sources that can be accessed by
returning to the main map. For example, the potential buyer can visit the newsstand (for
magazine articles), or go directly to “Dedlers Mile” if they know what specific truck they
want. At the dealer the customer can arrange for a test drive or ask for a price quote
through an Auto-by-Tel like buying service. Or they can go back to their expert or
another one to ask more questions or revise inputs. The combined effect is a full
information site capability. The result of this iterative search is the identification of the
best truck to buy or asmall set of vehicles to be further examined through atest drive.
Fulfillment

In this prototype implementation, we did not include actual buying. Respondents
could request a test drive or quote, but we did not actually include a test drive or provide
aquote in our concept and use study. In afull scale implementation the customers would
visit a dealer to drive the car or go to a central location to test drive the cars in their final

choice set.
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PROTOTYPE EVALUATION: EMPIRICAL EXAMINATION

Consumer Concept/Use Test

We conducted a concept/use study in an empirical examination order to assess 1.
the viability of a personal advisor, (i.eto confirm that a virtual advisor can build trust
and assist in decision making) 2. the ability of the Internet to build trust and preference
relative to existing purchasing experience through the combined effects of an information
intensive website and an advisor site, and 3. the proportion of customers who would
prefer an advisor-based site to an information intensive site. Respondents evaluated
Truck Town after use (average 30 minutes online) in terms of trust, quality of
recommendations and willingness to use and pay for the service. Respondents also used
an information intensive site -- Carpoint’s pick-up truck section (the order of site use was
rotated) as represented by the Carpoint site in June 1998. We aso compared the Internet
sites with their last purchasing experience at an auto dealer and measured constant sum
preferences relative to Truck Town and Carpoint. Two hundred and fifty respondents
were recruited from the Boston metro area. They had purchased a truck in the last 18
months and were computer or Internet users (80% had Internet experience). Thisis not a
representative sample of the nation and is advanced in terms of internet/computer use.
However for this lead user group, it does provide an evaluative basis for assessing the
strengths and weaknesses of Truck Town. Results from the 250 respondents who

completed the study are presented here.
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Results

Establishing Trust with an Advisor

The virtual advisor developed in this research is able to generate trust in
consumers. Eighty-two percent of the respondents said that they trusted the Truck Town
advisors (“yes’ to the question “did you trust the advisor’) and seventy-six percent
agreed that the information provided was trustworthy (top three boxes on 7 point scale).
Eighty-eight percent agreed that the advisor recommended trucks that fit their needs (top
three of seven boxes). We must be cautious in interpreting this Figure because the
respondents had purchased a truck in the last 18 months. The recommendations may fit
needs that represent confirmation of that past purchase. However more importantly, sixty
percent agreed that the advisor suggested new alternatives they would not have
consdered. They would not have agreed to this if they were simply confirming past
behavior. Respondents (88%) would consider buying a vehicle through Truck Town,
and, on average, they would be willing to pay $50 for the service via an increase in the
price of the vehicle. These are encouraging results and suggest that the Truck Town site
did build acceptance of information provided, a key element in trust building and buying

through such a system.

Comparing the Internet Sitesto Traditional Dealers

Given that Truck Town is a viable advisor site, based on our definition, we compare the
two Internet sites to existing dealers (last dealer the person bought a vehicle from) by
asking respondents to rate the Internet sites and existing dealers on dimensions of trust,

advice and information (1 to 7 point scales). Table 1 shows that the information intensive
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site (Carpoint) and the advisor site (Truck Town) together are viewed as superior to
shopping at a dedler. Internet sites were considered more trust-worthy than the dealer by
81.7% and over 80% of respondents viewed the information quality and quantity better.
Respondents (71.1%) would use the advice of the Internet rather than those of the dealer
and 60.9% were more likely to schedule a test drive over the Internet. Approximately
eighty percent ( 80.8%) would recommend the Internet based on their test usage versus
19.2% who would recommend the dealer from whom they last purchased a vehicle.

We aso collected constant sum allocations of 100 points between the two internet
sites and existing dedlers (see Table 2). Again the two sites combined dominate the
existing dealers on overal preference, understanding, freedom in choosing information,
control, and likelihood of purchase by almost 2 to 1. On trustworthiness and objectivity
the Internet sites dominate by almost a factor of 3 to 1. While this data is only one

product category, it indicates the potential of the Internet to create trust.

Customer Segmentation of Preference for Internet Sites

Next we compared the two sites to determine the relative preference for an
advisor or an information-based site on the Internet (see Table 2). The overdl
preferences between the two sites are approximately equal in terms of overall preference
with a dight (but insignificant) advantage to Carpoint on most scaes. The only
statistically significant difference in other measures is objectivity of information with an
advantage to Carpoint. Overall, both sites were evaluated well, so we wanted to

determine if some segment of consumers strongly preferred one site to another.
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We ran stepwise regressions of constant sum preference for Truck Town against
individual attributes and covariates of site evaluations (confidence, understanding
concerns and quality of information) for those who preferred Truck Town. Table 3
shows the results and indicates a significant relationship (R squared = .53, F = 5.7,
significant at 1%, N = 89) of higher preference for consumers who rated their knowledge
of trucks lower, visited more dealers, were younger and more frequent users of the
Internet. These correlates are consistent with the prior that advice is more valuable to
those who are less knowledgeable. These less confident buyers visit many dealers to
check information. The demographic differences were in addition to preference increases
due to more respondent confidence in the site and ability to express concerns. Therefore,
although the overall preferences of the two sites are equal, an identifiable segment prefers
Truck Town.

In our empirical examination, it appears that the trusted advisor appeals to
approximately one-half of the Internet truck shopping market, while the other half would
prefer a more direct information access. Open-ended responses indicated that people
who liked Truck Town liked the advisor capability, persona quality of the advisor, and
the easy-to-use and fun nature of the site. Those who disliked the site felt the town
analogy was like a game, child-like and unprofessional. Those who preferred Carpoint,
liked the depth of information, professionalism, and direct access and control. Criticisms
of Carpoint were of the push nature of the site and sponsorship. One hypothesis from this
research is that there are two different buyers. 1. those who have confidence and
knowledge of what they want and therefore want an easy direct search, and 2. those who

have less knowledge and want help and advice in making their choices. If this hypothesis
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is true and one wanted to design a site to appeal to both segments, a Carpoint format
could be supplemented by a trust advisor button that provides a persona shopping
advisor. Alternatively, a Truck Town format could be adopted that becomes a direct
search site if the customer goes directly to auto malls and access to specific car data.
Each of these updated sites would need to be examined in order to determine which

combination appeals to various segments.

STRATEGIC MARKETING IMPLICATIONS LIMITATIONS,

AND FUTURE RESEARCH

I mplications

If the trust based Internet methodology described here attracts a significant
segment of the market as indicated in our research, it will offer manufacturers
considerable potentia for increased sales via the internet. These rewards can be gained
by building more lasting relationships with these customers through trust based
marketing. Also, it provides protection against destructive price competition on the Web
that prevents value-added marketing. For customers, it offers a more efficient way to
process information to make a decision and a more effective way to identify alternatives
that maximize their utility. Alternatively for manufacturers, more depth in relationship
with the customer and more sales potential in a specific product category.

Our results show that marketers will be able to establish trust among their
customers through advisor based web sites. This can lead to more sales of existing
products. This enhanced relationship may also lead to the development of new products

based on customer needs revealed in custom research studies with connected customers.
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Online word-of-mouth communication in micro segments can be a mechanism to achieve
rapid diffusion of innovation. Of course the other side of this Internet capability is rapid
diffusion of negative information. Manufacturers will need to have very high quality
products that fit needs, superlative service and fulfillment capabilities if they are to
succeed. Given a franchise of trusting customers, expansion of the product offering to
associated services could also produce large gains. For example, auto manufacturers
might build on the trust earned in auto buying to cross-sell insurance, travel plans, and
auto repair services.

One important strategic decision that manufacturers and retailers have to make in
setting up atrust based advisor site is how much trust to design into the system. Figure 9
contrasts three strategies from “push/selling” to fully trust based. A push strategy is
pressure selling to get business based on the sellers own set of products.  Information
may be danted to get sales; advertising would include flashing banners and messages
pushed down the network based on the user cookie; promotion would be used to push out
excess inventory or stimulate sales of high margin items; service would be at a minimum;
and the results would be measured in the short term. In contrast, a fully trust based
strategy is based on building a relationship by advocating for the customer across all
product aternatives. In this case full and accurate information would be presented;
advertising would be only on demand and a cam consultative atmosphere would be
maintained. Premium prices would be justified based on value added; service would
guarantee user satisfaction over the life cycle of use; and benefits would be measured by
long-term loyalty of the franchise. A partia trust strategy would be possible based on

offering some products and information, but not on all products in the market. In this
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strategy, permissive marketing would exist and requested information on existing or new
products can be sent to customers.

Manufacturers and intermediaries need to consider how Internet marketing relates
to their existing channels. Should a separate independent division be established to sell
products on the Web? In the end the choice may be whether to cannibalize your own
store sales or let new Internet sellers cannibalize them -- not a very attractive choice for
retailers. One way out of this dilemma may be to have an Internet price that meets the
low cost suppliers, but also provides a value added package at the store price that
includes store services like immediate delivery, selection from inventory, installation,
service, and product returns. If customers want the additional services, they will pay for
them. Another alternative is a complementary site that provides information and advice
online but allows inspection, fina choice, delivery, and servicein the store. In this case
the in-store sales representative may have access to the results of the dialogue with the
virtual online sales person so that the in-store personal selling can be directed toward

overcoming objections, closing the sale, and cross-selling other products.

Limitations

Trust based Internet marketing through virtual personal advisors can be a magjor
innovation in marketing, but there are severa limitations to this approach derived from
the current state of the art of the Internet. Although business-to-business customers may
have sufficient bandwidth, the information pipeline into most homes limits the quality of
images and information that can be delivered. Today’s standard, 56.6 kilobit bandwidth

is likely to improve with the wide scale availability of ISDN (128 kilobits per second)
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and T1 speeds through cable modems and corporate extranets (1.5 million bits per
second). Technological advances are lowering costs and making these capabilities
available in the home. For example, Teledesic Inc. is planning to offer broad band (T1)
capability throughout the world by 2003 via low-orbiting satellites. Another limitation is
that fixed questions and answers currently limit the nature of the interaction between the
expert and the customer. Wider bandwidth would alow motion and image details such
as eye contact, emotions, and facial expression that are very important in real person-to-
person trust-building. But equally important, future software improvements in verbal
communication will enable natural spoken two-way communication instead of printed
and fixed dialogue. Finaly, the current technology is limited practically to two
dimensions. In the future we can expect software that will allow 3D imaging and free
directiona motion through the environment (Funkhouser, et. al. 1995). For example, the
shopper could walk through the showroom and open car doors and inspect the motor. We
can smulate this with video sequences (see Burke, 1996; Urban et. a., 1996), but
advancements will alow free format movement; precursors of this exist in computer
games today.

Even if the technology advances and trust based sites exist, the market for trust
might be small. If most of the new users are interested in disintermediation or want to
employ agents to scan the Web for lowest prices, sites that build trust through advisors
may be little used. If on the other hand new adopters of the Web are short of time (e.g.
busy parents with higher incomes who have limited time for information gathering and
shopping) and are willing to pay a little more for trusted advice, the trust based segment

may be large and growing. Our data suggests that for autos the vast majority of buyers
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prefer the Internet and one half of these prefer a trusted advisor site, rather than an
information intensive site. However, the size of the advisor segment is yet to be
determined in other product categories. A fina limitation to the methodology proposed
here is that the trust cues may be different in cultures outside the U.S. New software
could help, but primary research would be necessary in other countries and dialogues

created that are compatible with those cultures.

Future Resear ch

A research task for the future is to determine if there are two segments of buyers
differentiated by their decision style (self controlled in an information intensive site
versus trusting a personal advisor). Our empirical regression results suggest this, but
careful behavioral experimentation and control of all variables in the process of
information gathering could provide more definitive evidence and understanding of
differences. Basic behavioral research on the trust process would also be useful because,
athough we have investigated various trust cues in our prototype, we have not
investigated the process of building trust and the role of each cue in creating a trusting
relationship. This study has shown the existence of a segment of consumers who would
like to trust expert advice, but it has not defined the underlying process of creating a
trusting relationship.

A second area of future research is to enhance the site. The site shown in Figures
3 to 8 can be extended along several dimensions. First, in a straightforward way, the
scope could be extended to include all autos. Further widening to include associated

trusted advisors for services such as insurance, repair, financing, and vacation planning
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would allow a more comprehensive relationship. Customer services could be widened to
include security (e.g. encryption of communication, preventing cookies being placed on
the customers computer, and email screening), advocacy services (e.g. service and
complaint resolution, consumer right lobbying), an agent to bid in auctions (Guttman and
Maes, 1999)and concierge (e.g. schedule repairs for car and get a rental replacement,
medical crisis response, financial consolidation of credit card balances) to build a
comprehensive site that might be called Myownadvocate.com.  Second, the interface
could be enhanced to include full motion and audio as bandwidth to the home increases.
As suggested above, the interface also could be elaborated to allow alternate styles of
information gathering. For example, some members of the trust segment may be
particularly risk averse and require even more information and care. This might be
observed by noting whether the customer searched almost all the information in the
hypertext advisor dialogues. For this person, more information options might be made
available and the expert might adopt a more expansive dialogue that stresses assurance
and in-depth information. Third, in the current system the aternate advisors ask the same
questions, so it would be useful to have dynamic questioning (ask questions first that
generate the most value of information in a Bayesian sense) and a style of communication
that differentiates the personalities of each advisor. The consumers could get a “second
opinion” (in the prototype more than 1/3 of the people visited more than one advisor).
Finally, the current prototype ends with a referral to a dealer or a test drive appointment.
An extended system might allow a test drive at a special central test drive facility (e.g.,
rental car company or super dealer who maintains all models for a manufacturer like GM

or Ford) and then ordering online and delivery direct to the home.
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Another area of research is in the analytica model. The analytic structure could
be extended to updating at the attribute level. Now, probability of purchases of specific
products are updated, but it would be possible to extend the model so the probability of
purchase is a function of importance weighted features. This would require priors on
importance weights based on data from micro segmentation conjoint studies of part
worths. Then each importance weight would be updated (e.g. 1 to 7 importance values)
based on responses to each dialogue question (e.g. indicating the use of hauling a boat
would update the importance of durable frame and towing capacity). Although this
extension requires more prior data (importance weights for features by segment) and
product specifications at the feature level, it may be worthwhile in terms of the
recommendation and specificity in the usefulness of the dialogue about consumer needs.

The dialogue presents an interesting opportunity for research on how to learn
about customers unmet needs. By “listening in” to the customers responses, improved
product designs could be identified. This need sensing could occur at three levels. First,
the customer’ s choice of showroom vehicles and time spent searching them unobtrusively
provides preference measures that could be used in Logit analyses across homogeneous
customers to estimate importance weights. Secondly, unmet needs can be identified in
the diadlogues by studying the pattern of probability updates. For example, if the
customer wanted a small truck for efficiency but also indicated a desire to carry six
people, the model would first raise the probabilities of all small trucks and lower those of
large trucks to reflect efficiency preferences. Then the model would lower probabilities
for small trucks and increase those for large trucks to indicate the need to carry six

people. If al trucks followed these patterns, an opportunity for a mid-size truck that



could be efficient and carry six people would be indicated. Examining the structure of
updates and finding points where the maximum probability goes down after a dialogue
guestion could identify currently unmet needs that might be design opportunities.
Further, if we used expert system technology to represent the questions an engineer
would ask the consumer at each point of need identification, we could generate a file of
useful design diagnostics. In this case a virtual engineer would be listening in to a
conversation between a real consumer and a virtual shopping advisor. Thirdly, if a
relationship has been built with the customer, conventional market research studies (e.g.
conjoint or choice-based analysis), product evaluation studies (e.g. concept tests and
focus groups) could be efficiently and quickly accomplished. In addition, some of the
newest techniques could be conducted on the Web. For example, we could ask our
customers to participate in Information Acceleration studies (Urban et. El. 1996 and
1997) for new products, design their own car with CAD tools, or participate in more free-
form creative visualization efforts (Zaltman 1997) both as individuals and through their

micro communities.

Concluding Comment

If Internet experience shows that virtual persona advisors earn the trust of
consumers, the Internet could then become a new channel for relationship marketing.
Although it is not likely to completely replace existing channels, this new layer of
marketing could be a magjor part of effective marketing in the future. A trust based
advisor could add value for customers by enabling more efficient (i.e. lower time inputs

and dollar costs) and effective (i.e. better fit to customers preferences) decision making.
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It could aid manufacturers by enabling them to build enduring relationships within their
target markets, avoid destructive price competition, and lead to the design of products

that better fit customer needs.
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Table 1: First Choice of Two Internet Sites vs.

Existing Dealers

Most trustworthy

Greatest quantity of information

Highest quality of information

Best opportunity to evaluate options
Most likely to use advice of

Most likely to make an appt. to test drive
Most likely to recommend

Table 2: Constant Sum Preferences Across
Internet Sites

Point Allocation

Overall preference for the purchasing process
Understanding how a recommendation was made
Amount of freedom you had in choosing the type of inform
Amount of control over the information you provided
Objectivity of the information you received

Independence of the source information

Trustworthiness of the process

Likelihood that you would consider a purchase

* Sig @ 10% Level

Table 3: Regression of Truck Town
Preferences

Variable

Intercept

Knowledgeability of Trucks

Number of Dealers Visited

Frequency of Use of Internet

Visit Advisor First in Truck Town
Gender

Marital Status (1 = single, 2 = married)
Age

Income

Total of Vehicles in Household
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Existing

Internet Dealers

81.7 18.3

86.9 13.1

825 17.5

77.0 23.0

71.1 28.9

60.9 39.1

80.8 19.2

Existing

Dealers TruckTown Carpoint
38.9 30.3 31.0
324 33.9 335
29.5 36.0 37.7
28.6 36.3 35.2
22.4 37.4* 41.8*%
20.3 39.8 40.1
25.1 37.3 36.8
34.1 321 33.9

Parameter E

11.3 0.2

-6.7 5.1*

4.2 4.4%

2.7 3.6*

3.4 0.63

4.7 1.09

-4.7 0.85

-4.2 3.1*

1.9 0.63

2.5 1.72



Number of Trucks Owned

Confidence in Truck Town Information

Could Convey Concerns in Truck Town

Quantity of Information in Truck Town Better Than Carpoint
Quality of Information in Truck Town Better Than Carpoint

*Sig @ 10% level

2.4
5.7
2.8
4.3
9.5

1.83
5.4*
2.9*
0.5
2.2
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Internet and Site

Privacy -- No Cookies *

Security of Payments *

Efficient Authorization

Source Credibility/Brand Name
Satisfaction Guarantees *

Legal Rights Explained/800 Number *
3rd Party Audits of Site

Certification by 3rd Party

Best Site Awards *

Endorsement by Celebrity
Endorsement by Past Users

User Control of Shopping Process *
Description of Shopping Process
Clear Pricing Policy

No Hidden Costs

User Friendly Interface

Expert Advice & Information
Friendly, Warm, Open *
Honest-Accurate-Unbiased Data*
User Selection of Advisor

User Selection of Micro Community
Professional Appearance, Manner
Eye Contact & Smile

Description of Expertise
Acknowledgment of Weakness

Explanation of Motives and How Paid *

Establish Personal Bond or Common
Association
Determines Customer Needs and

Preferences That Have Been Heard *

Listens to Customer’s Problem

Acknowledges “Do Not Know “Answer

Tells Favorable and Unfavorable Info

Uses Simple Language

No Time Pressure

Ability to Change Answers

Represent Customer’s Best Interests

Knowledgeable - Accurate & Relevant
Information *

Figure 1: Initial Trust Building Cues

Eulfillment

Easy to Configure Product
Easy Ordering & Payment
Mechanism
Keep Promise
Deliver on Time
800 Service Number/Recourse
Service Guarantee
No Billing Errors
Reliability
Make Small Promises and Keep Them

* See prototype application
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On-line Dialogue Expert System

Us_,eg . - Consideration Set
Elimination Criteria

. Perceptual Utility
Cons-tr‘alnt-s Feature Updating
Specifications
Perceptual
Importances
Attitudes Virtual Store

Demographics Custom Display Buying

Information Acceleration ™ Choice
Interaction Delivery
Service

Product Database Micro Segmentation

Perceptual Levels Membership Criteria

Attributes Revealed Preference

Technical Specifications Attribute Importances

Community

Marketing Database

Purchase History

Market Research

Attribute Importances

Information Recommendation Shopping Fulfillment

Figure 2: Trust Based Advisor
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H. Tumckbown =

; Hello, My name is Craig Lynch. | am the owner of
Hillside Garage. WWe specialize in repairing trucks and
sport utility vehicles.

Tell Mg More

= E

- |
MIT Trucktown pays me a monthly salary for providing
expert advice. | want to stress the fact that | do not
receive any moeney from truck manufacturers. | became
a shopping expert to help people find the right truck, -
not to promote a specific brand or model.

| TellMeMore |

Figure 4. Mechanic Introduction
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BT ruckAowm

Hi, I'm Fobin, weelcarne to Cuppa Jdoe's Coffee Shiop Grab = cup
and make yourself camrfortable  There are ather truck awmers -
cUTenth DRREd an . Yi0L C3E0 131k with therm Iy entering your rEme

and chcking the foliowing button.

JTaIk wih truck awners currenthy logged an
JTaloa me back 1o the map of Truckiawn

. Truckiown

Hi, I'm Fohin, welcome to Cuppa Jog's Coffes Shop. Grab s cup
and make yourselr comfortakie. Thers are othier Tk oWners -
currerthy lagged an. You can talk witt therm by entering your name

and clicking the follmsang buton

JTalk with triick owhers currenty locged on
JTnhl: me back to the map of Trucktown

Enter yoeur mame:

Joe saws *Sowhal's stoppng you™

Ben =ayz, "My nephew bought one last yoar and he hated 0°

doe saws, *whalwas tha problem™

Bon cavz, "He kad 1o ke oackio the ehog three fmes”

Jog sayE, "Serlous prablems with e inck™

Ben savs, "Enging recanatruclion. . ¥anarmission and alignmen prablems.. "
Joe Fays, "Dnesnt sound good ®

Hen =ays "o, Hotreaip?

Joe says, "Whafs the case, than why are vou sanoushy considerng & Mesan™
Jog leares the conversadion

Figure 8. Community Interaction
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PUSH/SELLING

PARTIAL TRUST

FULLY TRUST-BASED

SALES APPROACH Get Business However Can [Honest Matching to Build Relationship as
Customer Needs Customer Advocate

PRODUCTS Manufacturer's Products Manufacturer's Products |All Products

Only - Sell Highest Margin [Link to Other Sites

INFORMATION Manufacturer Slant Unbiased/Complete for |Full/Open
Manufacturer's Products

ADVERTISING Flashing Banners Ads Available AdsOn Demand

PRICE Low/Promotion Honest/VValue-Based Value Added Premium

SERVICE Minimum Guarantees Life Cycle Delivery of

Benefits
TIME FRAME Short Intermediate Long Term

Figure 9. Push Selling to Trust

Strategies
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